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Datum Gruppe 1 Gruppe 2 Format Thema

Fr, 10.04.2026 11-13 Uhr 13-15 Uhr Seminar (1) Quarto, Zotero, Tidyverse

Fr, 17.04.2026 11-13 Uhr 13-15 Uhr Seminar (2) Forschungsethik

Fr, 24.04.2026 11-13 Uhr 13-15 Uhr Seminar (3) Wissenschaftliche Berichte

Mi, 29.04.2026 11-13 Uhr 13-15 Uhr Praxisseminar Offene Übung (Quarto und Zotero)

Fr, 08.05.2026 11-13 Uhr 13-15 Uhr Seminar (4) Offenheit und Transparenz

Fr, 15.05.2026 11-13 Uhr 13-15 Uhr Übung Einfache Lineare Regression

Mo, 18.05.2026 11-13 Uhr 15-17 Uhr Übung Korrelation

Fr, 05.06.2026 11-13 Uhr 13-15 Uhr Übung Einstichproben-T-Test

Mi, 10.06.2026 13-15 Uhr 17-19 Uhr Übung Zweistichproben-T-Test

Fr, 26.06.2026 11-13 Uhr 13-15 Uhr Übung Einfaktorielle Varianzanalyse

Fr, 26.06.2026 15-17 Uhr 17-19 Uhr Übung Zweifaktorielle Varianzanalyse

Fr, 03.07.2026 11-13 Uhr 13-15 Uhr Übung Multiple Regression

Fr, 10.07.2026 11-13 Uhr 13-15 Uhr Übung Kovarianzanalyse

Fr, 24.07.2026 Klausurtermin



(4) Offenheit und Transparenz - Titelfolie

(4) Offenheit und Transparenz
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Motivation

What part of a research study — hypotheses, methods, results, or discussion — should remain beyond a

scientist’s control? The answer, of course, is the results: the part that matters most for publishing in

prestigious journals and advancing careers. This paradox means that the careful scepticism required to

avoid massaging data or skewing analysis is pitted against the drive to identify eye-catching outcomes.

Unbiased, negative and complicated findings lose out to cherry-picked highlights that can bring prominent

articles, grant funding, promotion and esteem.

The ‘results paradox’ is a chief cause of unreliable science. Negative, or null, results go unpublished, leading

other researchers into unwittingly redundant studies. Ambiguous or otherwise ‘unattractive’ results are

airbrushed (consciously or not) into publishable false positives, spurring follow-up research and theories

that are bound to collapse.

COMMENT 10 September 2019

What’s next for Registered Reports?
Reviewing and accepting study plans before results are known can counter perverse incentives. Chris

Chambers sets out three ways to improve the approach.

Chris Chambers

Illustration by David Parkins

nature  comment  article

Chambers (2019)
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Das Replizierbarkeitskrisennarrativ

Psychologie – 64 von 100 Studien nicht replizierbar

• Open Science Collaboration (2015)

Nulleffekte in preregistrierten Replizierbarkeitsstudien

• Hagger et al. (2016), Wagenmakers et al. (2017), O’Donnell et al. (2018)

Vehaltensökonomie – 7 von 18 Studien nicht replizierbar

• Camerer et al. (2016)

Biologie – 47 von 53 Studien nicht replizierbar

• Begley and Ellis (2012)

Reproduzierbarkeitskrise in Machine-Learning-basierter Wissenschaft

• Kapoor and Narayanan (2022)
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Das Replizierbarkeitskrisennarrativ

52% 
Yes, a signi�cant 
crisis

3% 
No, there is no crisis

7% 
Don’t know

38% 
Yes, a slight
crisis

38% 
Yes, a slight
crisis

1,576
RESEARCHERS SURVEYED

More than 70% of researchers have tried and failed to 
reproduce another scientist’s experiments, and more 
than half have failed to reproduce their own experi-
ments. Those are some of the telling figures that 
emerged from Nature’s survey of 1,576 researchers 

who took a brief online questionnaire on reproducibility in research.
The data reveal sometimes-contradictory attitudes towards reproduc-

ibility. Although 52% of those surveyed agree that there is a significant 
‘crisis’ of reproducibility, less than 31% think that failure to reproduce 
published results means that the result is probably wrong, and most say 
that they still trust the published literature. 

Data on how much of the scientific literature is reproducible are rare 
and generally bleak. The best-known analyses, from psychology1 and 
cancer biology2, found rates of around 40% and 10%, respectively. Our 
survey respondents were more optimistic: 73% said that they think that 
at least half of the papers in their field can be trusted, with physicists and 
chemists generally showing the most confidence. 

The results capture a confusing snapshot of attitudes around these 
issues, says Arturo Casadevall, a microbiologist at the Johns Hopkins 
Bloomberg School of Public Health in Baltimore, Maryland. “At the 
current time there is no consensus on what reproducibility is or should 
be.” But just recognizing that is a step forward, he says. “The next step 
may be identifying what is the problem and to get a consensus.”

Failing to reproduce results is a rite of passage, says Marcus Munafo, a 
biological psychologist at the University of Bristol, UK, who has a long-
standing interest in scientific reproducibility. When he was a student, 
he says, “I tried to replicate what looked simple from the literature, and 
wasn’t able to. Then I had a crisis of confidence, and then I learned that 
my experience wasn’t uncommon.” 

The challenge is not to eliminate problems with reproducibility in 
published work. Being at the cutting edge of science means that some-
times results will not be robust, says Munafo. “We want to be discovering 
new things but not generating too many false leads.”  

THE SCALE OF REPRODUCIBILITY
But sorting discoveries from false leads can be discomfiting. Although 
the vast majority of researchers in our survey had failed to reproduce 
an experiment, less than 20% of respondents said that they had ever 
been contacted by another researcher unable to reproduce their work  
(see ‘A ‘crisis’ in numbers’). Our results are strikingly similar to another 
online survey of nearly 900 members of the American Society for 
Cell Biology (see go.nature.com/kbzs2b). That may be because such 
conversations are difficult. If experimenters reach out to the original  
researchers for help, they risk appearing incompetent or accusatory, or 
revealing too much about their own projects.

A minority of respondents reported ever having tried to publish 

B Y  M O N Y A  B A K E R

I S  T HE R E  A 

R EPRODUCIBIL I T Y
CR ISIS ?

A Nature survey lifts the lid on 
how researchers view the ‘crisis’ 

rocking science and what they 
think will help.

4 5 2  |  N A T U R E  |  V O L  5 3 3  |  2 6  M A Y  2 0 1 6
©

 
2016

 
Macmillan

 
Publishers

 
Limited.

 
All

 
rights

 
reserved.

Baker (2016)
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Das Replizierbarkeitskrisennarrativ

investigations only in 4% of cases (5). Visual inspections
of microbiology papers suggested that between 1%
and 2% of papers had been manipulated in ways that
suggested intentional fabrication (6, 7).

The occurrence of questionable or flawed research
and publication practices may be revealed by a high
rate of false-positives and “P-hacked” (8) results.
However, while these issues do appear to be more
common than outright scientific misconduct, their
impact on the reliability of the literature appears to be
contained. Analyses based on the distribution of P
values reported in the medical literature, for example,
suggested a false-discovery rate of only 14% (9). A
similar but broader analysis concluded that P-hacking
was common in many disciplines and yet had minor
effects in distorting conclusions of meta-analyses (10).
Moreover, the same analysis found a much stronger
“evidential value” in the literature of all disciplines,
which suggests that the majority of published studies
are measuring true effects, a finding that again con-
tradicts the belief that most published findings are
false-positives. Methodological criticisms suggest that
these and similar studies may be underestimating the
true impact of P-hacking (11, 12). However, to the best
of my knowledge, there is no alternative analysis that
suggests that P-hacking is severely distorting the
scientific literature.

Low statistical power might increase the risk of
false-positives (as well as false-negatives). In several
disciplines, the average statistical power of studies
was found to be significantly below the recommended
80% level (13–16). However, such studies showed that
power varies widely between subfields or methodol-
ogies, which should warn against making simplistic
generalizations to entire disciplines (13–16). Moreover,
the extent to which low power generates false-positives
depends on assumptions about the magnitude of the
true underlying effect size, level of research bias,
and prior probabilities that the tested hypothesis is
in fact correct (17). These assumptions, just like
statistical power itself, are likely to vary substantially
across subfields and are very difficult to measure in
practice. For most published research findings to be
false in psychology and neuroscience, for example,
one must assume that the hypotheses tested in
these disciplines are correct much less than 50% of
the time (14, 18). This assumption is, in my opinion,
unrealistic. It might reflect the condition of early
exploratory studies that are conducted in a theo-
retical and empirical vacuum, but not that of most
ordinary research, which builds upon previous the-
ory and evidence and therefore aims at relatively
predictable findings.

It may be counter-argued that the background lit-
erature that produces theory and evidence on which
new studies are based is distorted by publication and
other reporting biases. However, the extent to which
this is the case is, again, likely to vary by research
subfield. Indeed, in a meta-assessment of bias across
all disciplines, small-study effects and gray-literature
bias (both possible symptoms of reporting biases)
were highly heterogeneously distributed (19). This

finding was consistent with evidence that studies on
publication bias may themselves be subject to a
publication bias (20), which entails that fields that do
not suffer from bias are underrepresented in the
metaresearch literature.

The case that most publications are nonreproducible
would be supported by meta-meta-analyses, if these
had shown that on average there is a strong “decline
effect,” in which initially strong “promising” results are
contradicted by later studies. While a decline effect
was measurable across many meta-analyses, it is far
from ubiquitous (19). This suggests that in many meta-
analyses, initial findings are refuted, whereas in others
they are confirmed. Isn’t this what should happen when
science is functional?

Ultimately, the debate over the existence of a re-
producibility crisis should have been closed by recent
large-scale assessments of reproducibility. Their re-
sults, however, are either reassuring or inconclusive. A
“Many labs” project reported that 10 of 13 studies
taken from the psychological literature had been
consistently replicated multiple times across different
settings (21), whereas an analysis in experimental
economics suggested that, of 18 studies, at least
11 had been successfully replicated (22). The largest
reproducibility initiative to date suggested that in
psychological science, reproducibility was below 50%
(23). This latter estimate, however, is likely to be too
pessimistic for at least two reasons. First because,
once again, such a low level of reproducibility was not
ubiquitous but varied depending on subfield, meth-
odology, and expertise of the authors conducting the
replication (23–25). Second, and more importantly,
because how reproducibility ought to be measured is
the subject of a growing methodological and philo-
sophical debate, and reanalyses of the data suggest
that reproducibility in psychological science might

Fig. 1. Number ofWeb of Science records that in the title, abstract, or keywords
contain one of the following phrases: “reproducibility crisis,” “scientific crisis,”
“science in crisis,” “crisis in science,” “replication crisis,” “replicability crisis.”
Records were classified by the author according to whether, based on title and
abstracts, they implicitly or explicitly endorsed the crisis narrative described in the
text (red), or alternatively questioned the existence of such a crisis (blue), or
discussed “scientific crises” of other kinds or could not be classified due to
insufficient information (gray). The complete dataset, which includes all titles and
abstracts and dates back to the year 1933, is available in Dataset S1. This sample
is merely illustrative, and does not include the numerous recent research
articles and opinion articles that discuss the “science is in crisis” narrative without
including any of the above sentences in the title, abstract, or keywords.

Fanelli PNAS | March 13, 2018 | vol. 115 | no. 11 | 2629
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Das Replizierbarkeitskrisennarrativ
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TRUSTWORTHINESS OF RESEARCH OUTPUTS: Although 62% of researchers trust the 
majority of research outputs, a proportion doubt the quality of some of the research outputs 
they encounter. To compensate they check supplementary material/data carefully, read only 
information associated with peer reviewed journals or seek corroboration from other trusted 
sources.

26.09.2019

4

Thinking about the various research outputs that you interacted 

with (or encountered) last week what proportion of the outputs 

would you consider trustworthy?

Which of the following mechanisms do you employ to compensate for 

any lack of confidence you have in the content you are considering 

reading/accessing?

57%

52%

52%

37%

29%

6%

7%

Check supplementary material or data carefully

Only read/access content that is in or linked to a
peer reviewed journal

Seek corroboration from other trusted sources
(e.g. see if research is cited in a known journal)

Read/access research from researchers I know

Read/access research from specific institutes

Only read/access research that has been
personally recommended

Other (please specify)

Base: All respondents (n=3133)
Base: All respondents that do not think all research outputs are trustworthy

(n=2715)

37%

62%

https://senseaboutscience.org/wp-content/uploads/2019/09/Quality-trust-peer-review.pdf
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Das Replizierbarkeitskrisennarrativ

replications they had conducted had yielded the same result as the original, and slightly less

than half of participants indicated that they had never tried to replicate any of their own pub-

lished work (N = 734, 46%). Among the 874 participants who indicated they had tried to repli-

cate one of their own studies, when asked to consider their most recent replication effort, 313

(36%) indicated they had published the results.

Fig 1. Participant perceptions of a reproducibility crisis. Data is presented overall for all participants in the current

study and is broken down by research focus area in medicine. Results are presented in context to the overall Nature

study findings and specifically to participants from this study indicating they worked in medicine. The underlying data

for this figure can be found at https://osf.io/dbh2a.

https://doi.org/10.1371/journal.pbio.3002870.g001

Fig 2. Participants perceptions of the proportion of papers they think are reproducible in biomedicine overall and

by biomedical research area. The underlying data for this figure can be found at https://osf.io/dbh2a.

https://doi.org/10.1371/journal.pbio.3002870.g002

PLOS BIOLOGY Biomedical researchers’ perspectives of reproducibility

PLOS Biology | https://doi.org/10.1371/journal.pbio.3002870 November 5, 2024 6 / 15

Cobey et al. (2024)
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Cobey et al. (2024)
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Das Replizierbarkeitskrisennarrativ

Almost half of the participants indicated that they had previously tried to replicate a published

study conducted by another team and failed to do so (N = 724, 47%), whereas 10% (N = 156) indi-

cated all replications that they had attempted were successful, while 43% (N = 666) indicated they

had never tried to replicate someone else’s published research. Among those who had published

their replication study, when asked to consider their most recent replication effort, 29% (N = 224)

indicated it took about the same amount of time to publish as a typical non-replication paper. A

quarter (N = 189, 25%) of participants who had attempted to replicate others’ research indicated

they had no plans to publish their replication study. Eighty-five percent of participants

(N = 1,316) indicated they had never been contacted by another researcher who was unable to

reproduce a finding they previously published. See Table 4 for complete results.

A total of 724 participants responded to the item about why they replicated their own

research, of which 675 (93%) provided relevant text-based responses. Responses were coded

into 17 unique codes and then grouped into 7 themes: training, ensuring reproducibility, addi-

tional research, addressing concerns, joining/setting up a new lab, for publication or due to

peer review, and other. For illustrative examples of the codes, see Table 5.

A total of 748 participants responded to the item about why they replicated someone else’s

research, of whom 700 (94%) provided relevant text-based response data. Responses were

coded into 19 unique codes and then grouped into 7 themes: trustworthiness, extending and

improving research, application to new setting, new research, interest, training, and other. For

illustrative examples of the codes, see Table 6.

Support for initiatives to enhance reproducibility

Few participants reported that their research institution has established procedures to enhance

reproducibility of biomedical research (N = 254, 16%), and almost half reported that their

Table 2. Participant perceptions of the causes of irreproducibility.

N(%)

Always

contributes

Very often

Contributes

Sometimes

Contributes

Does not

Contribute

Unsure Missing

data

Selective reporting of the published literature 131 (8) 638 (40) 714 (45) 43 (3) 73 (5) 31

Selective publication of entire studies 182 (11) 698 (44) 577 (36) 71 (4) 71 (4) 31

Pressure to publish 300 (19) 693 (43) 473 (30) 75 (5) 57 (4) 32

Low statistical power 185 (12) 706 (44) 579 (36) 76 (5) 48 (3) 36

Poor statistical analysis 197 (12) 615 (38) 649 (41) 99 (6) 44 (3) 26

Not enough internal replication (E.g., by the original

lab/authors)

132 (8) 539 (34) 697 (44) 93 (6) 142 (9) 27

Insufficient study oversight 86 (5) 376 (24) 799 (50) 194 (12) 143 (9) 32

Lack of training in reproducibility 153 (10) 522 (33) 622 (39) 168 (11) 135 (8) 30

Failure to make materials openly available 141 (9) 449 (28) 722 (45) 191 (12) 99 (6) 28

Failure to make original study data openly available 137 (9) 476 (30) 685 (43) 205 (13) 94 (6) 33

Poor study design 208 (13) 584 (36) 678 (42) 96 (6) 38 (2) 26

Fraud 185 (12) 120 (8) 624 (40) 320 (20) 330 (21) 51

Poor quality peer review 140 (9) 437 (27) 755 (47) 192 (13) 72 (5) 34

Problems in the design of replication studies 103 (6) 406 (25) 809 (51) 162 (10) 123 (8) 27

Technical expertise required for replication 96 (6) 429 (27) 743 (46) 190 (12) 144 (9) 28

Variability of standard reagents 82 (5) 288 (18) 617 (39) 229 (14) 380 (24) 34

Bad luck 23 (1) 70 (4) 461 (29) 568 (36) 466 (29) 42

https://doi.org/10.1371/journal.pbio.3002870.t002

PLOS BIOLOGY Biomedical researchers’ perspectives of reproducibility

PLOS Biology | https://doi.org/10.1371/journal.pbio.3002870 November 5, 2024 7 / 15

Cobey et al. (2024)
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SCORE Project

Sánchez-Tójar, Wicherts, and Willer (2026)
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SCORE Project

Miske et al. (2026)
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SCORE Project

Miske et al. (2026)
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SCORE Project

Miske et al. (2026)
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SCORE Project

Miske et al. (2026)
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Ritchie (2020)
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Methodentransparenz

Ausgangslage

• Academia wertet spannende Resultate höher als sorgfältige Arbeit
• Academia interessiert sich wenig für die eigentliche Arbeit, sondern die Resultate
• Academia liebt komplexe Analysen ohne den Anspruch, sie verstehen zu wollen
• Academia mag keine Nullergebnisse

Konsequenzen

• Publizierte Resultate sind oft nicht reproduzierbar und aufbaufähig
• Ressourcenverschwendung
• Geringes innerakademisches Vertrauen in publizierte Resultate
• Gefahr des geringen extraakademischen Vertrauens in publizierte Resultate

Lösung

• Gewährleistung von Reproduzierbarkeit durch Methoden- und Datentransparenz
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Reproduzierbarkeit, Replizierbarkeit und analytische Robustheit

Reproduzierbarkeit

Andere Wissenschaftler:innen nutzen die gleichen Daten und die gleichen Datenanalysemethoden
und erhalten die gleichen Resultate (cf. Peng (2011))

• Abhängig von der Sorgfältigkeit der wissenschaftlichen Arbeit
• Beeinflussbar
• Menschen machen Fehler

Replizierbarkeit

Andere Wissenschaftler:innen nutzen andere (neue) Daten und potentiell andere Methoden und
kommen zur gleichen Schlussfolgerung wie eine Originalstudie

• Abhängig von den wahren, aber unbekannten, Parametern
• Unbeinflussbar

Analytische Robustheit

Verschiedene Wissenschaftler:innen nutzen gleiche Daten, aber verschiedene vertretbare Anal-
ysemethoden und kommen zur gleichen Schlussfolgerung.

• Abhängig von der methodischen Flexibilität (Researcher Degrees of Freedom)
• Beeinflussbar durch Multiverse-Analysen und Multi-Analyst-Ansätze
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Replizierbarkeit und Reproduzierbarkeit

Wissenschaftlicher Bericht

Hyperlink

Reproduktion

Datenakquisitionskripte

Roh- und Metadaten

Online Repositorium

Datenanalyseskripte

⋯
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Reproduzierbarkeit, Replizierbarkeit und analytische Robustheit

Aczel et al. (2026)
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Aspekte von Methodentransparenz und Datentransparenz

Wissenschaftliche Qualitätssicherung

• Pre- und Postpublikations-Mehraugenprinzip
• Reproduzierbarkeit bei identischen Daten und Analysen gesichert
• Replikationspotential für neue Daten und Analysen erhöht

Nachhaltigkeit

• Möglichkeit der Datenwiederverwendung in neuen Kontexten
• Maximierung der Anzahl experimenteller Einheiten
• Ermöglichung automatisierter Metaanalysen

Ethischer Imperativ

• Respekt im Umgang mit öffentlichen Geldern
• Respekt für die Beiträge von Forschungspersonen
• Minimierung von Forschungsrisiken
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Kernaspekte der Methodentransparenz

Maßnahmen

• Computercode als ausführlichste Form der Dokumentation

• Referenzierung datenanalytischer Skripte in Methods und Results Sections

• Verfügbarkeit zum Zeitpunkt der Veröffentlichung (Preprint/Journal Submission)

Voraussetzungen

• Automatisierte Datenanalyse von Rohdaten zu Abbildungen und Tabellen

• Lesbarer, gut-strukturierter und extensiv kommentierter Code

• Verzicht auf Variablennamen mit persönlichkeitsrelevanten Merkmalen
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Motivation

Methodentransparenz

Datentransparenz

Selbstkontrollfragen
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Kernaspekte der Datentransparenz

Maßnahmen

• Digitale Rohdaten als ausführlichste Form der Datengrundlage

• Formatierung anhand akzeptierter Datenstandards

• Verfügbarkeit zum Zeitpunkt der Veröffentlichung (Preprint/Journal Submission)

Voraussetzungen

• Vorliegen digitaler Rohdaten

• Verfügbarkeit von Speicherplatz

• Respekt datenschutzrechtlicher Belange
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Repositorien

Open Science Framework

• Nichtkommerzielles Datenrepositorium
• Projektarchivierung bei Preprint/Journal Submission/Revision
• Seit 2020 beschränkter Speicherplatz pro Projekt

GitHub

• Kommerzieller Dienst zur Versionsverwaltung für Software-Entwicklungsprojekte.
• Kollaborative Softwareentwicklung (Track Changes)
• Oft irrtümlich zur Analysecodearchivierung benutzt

Forschungsdatenzentrum des ZPID

• Digitales Forschungsdatenzentrum für die psychologische Forschung
• Teil der öffentlich finanzierten Leibniz-Gemeinschaft
• Unterstützung bei Dokumentation und Archivierung als kostenpflichtige Services
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Datenstandards

Brain Imaging Data Structure

• Datenstandard für Neuroimaging- und Verhaltensdaten

• Stetige Weiterentwicklung auf weitere Datenmodalitäten

• Gorgolewski et al. (2016)

PsyCuraDat

• Datenstandard für psychologische Daten

• Zur Zeit noch in der Entwicklung

• Blask, Gerhards, and Jalynskij (2021)
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Datenschutzrechtliche Aspekte

Psychologische Daten sind in aller Regel sensible humane Daten

Datenschutzrechtliche Belange müssen respektiert werden

Das Datenschutzrecht gliedert sich in

• EU Datenschutzgrundverordnung (DSGVO) [EU2016/679]
• Bundesdatenschutzgesetz (BDSG)
• Datenschutzgesetze der Bundesländer

Psychologische Daten fallen in aller Regel unter personenbezogene Daten

“Alle Informationen, die sich auf eine identifizierte oder identifizierbare natürliche Person beziehen;
als identifizierbar wird eine natürliche Person angesehen, die direkt oder indirekt, insbesondere mittels
Zuordnung zu einer Kennung wie einem Namen, zu einer Kennnummer, zu Standortdaten, zu einer
Online-Kennung oder zu einem oder mehreren besonderen Merkmalen, die Ausdruck der physischen,
physiologischen, genetischen, psychischen, wirtschaftlichen, kulturellen oder sozialen Identität dieser
natürlichen Person sind, identifiziert werden kann”
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Datenschutzrechtliche Aspekte

Datenschutzrechte 
des Individuums

Öffentliches Interesse an der 
Verarbeitung humaner Daten 

zu Forschungszwecken
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Datenschutzrechtliche Aspekte

Möglichkeiten der Datentransparenz beim Umgang mit humanen Daten

Public sharing
• Open data platforms

Restricted sharing
• Peer-to-peer data sharing

Dynamic sharing
• Participant-centred platforms
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Möglichkeiten der Datentransparenz

Public Sharing
Datenbereitstellung auf weltweit frei zugänglichen Datenplattformen

• Allgemeiner Datenzugang für alle Formen der Datennutzung

Vorteile

• Einfach
• Etabliert
• Ressourcen sensibel

Nachteile

• Unwiderruflich
• Gefahr des Datenmissbrauchs
• Unklarer datenschutzrechtlicher Stand (DSGVO)
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Möglichkeiten der Datentransparenz

Restricted sharing
• Datenzugangsregelung mithilfe von Data Use Agreements

Vorteile

• Risikominimierung
• Klare Verantwortlichkeiten
• Teilweise etabliert

Nachteile

• Restriktiv
• Verantwortlichkeit auf Seiten der Wissenschaftler:innen
• Paternalistisch
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Möglichkeiten der Datentransparenz

Restricted sharing
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Möglichkeiten der Datentransparenz

Restricted sharing
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Möglichkeiten der Datentransparenz

Restricted sharing

License for scientific purposes (“Scientific Use License”), 

Version 1 

Subject to the terms and conditions of this license, the Licensor hereby offers You a non-

exclusive, royalty-free worldwide license to use the Licensed Material for scientific 

purposes. By accepting these terms and conditions, You agree to be bound by the terms 

and conditions of this license. 

 

For the avoidance of doubt, this license does not apply where a license is not needed (e.g. 

where limitations of copyright apply, like the quotation right). Nothing in this license shall be 

construed as excluding or limiting the public domain or statutory freedoms allowed for by 

exceptions and limitations, fair use, fair dealing and related doctrines. 

 

You may use the Licensed Material under the terms of either version 1 

of the Scientific Use License, or (at your option) any later version. 

 

1. Definitions  

Scientific purposes: Scientific research or teaching at an academic or research 

institution. Scientific research is the pursuit of knowledge in a systematic way 

especially by studying, thinking, observing, measuring, doing experiments, and 

developing and testing theories to describe the results of these activities and publish 

them publicly. 

Own scientific purposes: You can use the Licensed Material only for Your own 

scientific purposes, i. e. You cannot share it with others. 

Licensor: The individual(s) or entity(ies) granting rights under this license and who 

thus is your contractual partner. The Licensor can be the creator or another rights 

owner (like, e.g. a research institute or a publisher). The Licensor will be named on 

the download page of the Licensed Material/in the DOI.  

Licensee/You: The individual or entity exercising the rights under this license. Your 

has a corresponding meaning.  

Licensed Material: The copyright or otherwise (e. g. by neighboring rights) protected 

work to which the Licensor applied this license.  

2.  Licensing conditions 

You may use the Licensed Material to the extent and under the conditions defined 
hereafter. 

2.1 Licensed Rights  

 
You may use the Licensed Material only for Your own scientific purposes. This 
includes:  

● Reproduction: You may copy the Licensed Material in any medium or format 
(digital, analogue, tangible, intangible) for Your own scientific use. 

● Analysis: You may analyse and mine the Licensed Material. 
● Adapt: You may, e.g. transform, shorten, translate, or combine the Licensed 

Material with other content. 
● Teaching: You may use the Licensed Material for teaching as described 

under 1., e. g. by preparing and using teaching material in your classes that is 
based in full or in part on the Licensed Material.  

● Publishing: You may publish own scientific content that is based in full or in 
part on the Licensed Material. 

 

2.2 Restrictions 

All rights that are not mentioned in sec. 2.1 are reserved. This includes inter alia (this 
list is non-conclusive): 

● Restriction to Your own scientific use: You must not share, publish, 
distribute or make (copies of) the Licensed Material itself available/accessible 
to third parties. That means, You cannot e. g. stream, forward or publish 
(copies of) the Licensed Material neither modified nor unmodified, neither 
separate nor alongside with or integrated into Your own content. You may not 
pass on any copies of the Licensed Material to others. 

● Industrial property rights: Patent and trademark rights are not licensed under 
this license. Patents and trademarks may only be used to the limited extent 
necessary to allow exercise of the rights licensed by this license.  

 

2.3 Obligations 

● Specification of scientific purpose: Before You retrieve the Licensed 

Material, You must provide a reasonably detailed description of the scientific 

purpose (see sec. 1).  

● Attribution: If You publish own content that is based in full or in part on the 

Licensed Material, You must credit the creator(s) of the Licensed Material 

and any others designated to receive attribution. Under this obligation You 

have to:  

○ Retain credits to the Licensor, creator and/or the copyright owner; 

○ Retain copyright notices; 

○ Cite the “Digital Object Identifier” (DOI) provided by PsychArchives. 

You may satisfy this obligation in any reasonable manner based on the 
medium, means, and context of Your publication. 

● Protect Privacy: In working with Digital Research Objects (DROs) from 
PsychArchives there shall neither be attempts to re-identify or contact research 
subjects, nor shall there be publication of information that may lead to the re-
identification of research subjects. If the identity of any research subject is 
discovered, the Licensor has to be notified in writing immediately and the 
gained information has to be kept secret. 

3. Term and Termination 

This license terminates automatically under the following circumstances: 

● When Your intended scientific purpose, as described at the time of download 

(cf. 2.3), is completed; You may license the same material again for a 

different scientific purpose, if it is still available via PsychArchives; 

● If You fail to comply with this license.

Upon termination of the license, any and all Licensed Material made available to 

You and all copies of the Licensed Material must be destroyed and deleted. You 

must refrain from any further use of the Licensed Material, including but not limited 

to any potential modified copies of the Licensed Material.  

4. Disclaimer of Warranty and Limitation of Liability

Unless otherwise separately undertaken by the licensor, to the extent possible, the

licensor offers the Licensed Material as-is and as-available, and makes no

representations or warranties of any kind concerning the Licensed Material, whether

express, implied, statutory, or other. This includes, without limitation, warranties of title,

merchantability, fitness for a particular purpose, non-infringement, absence of latent or

other defects, accuracy, or the presence or absence of errors, whether or not known

or discoverable. Where disclaimers of warranties are not allowed in full or in part, this

disclaimer may not apply to You.

Except in the cases of wilful misconduct or damages directly caused to natural

persons, the licensor will in no event be liable for any direct or indirect, material or

moral, damages of any kind, arising out of the license or of the use of the licensed

material, including without limitation, direct, special, indirect, incidental, consequential,

punitive, exemplary, or other losses, costs, expenses, or damages arising out of this

license or use of the licensed material damages, even if the licensor has been advised

of the possibility of such  losses, costs, expenses, or damages. However, the licensor

will be liable under statutory product liability laws as far such laws apply to the licensed

material. Where a limitation of liability is not allowed in full or in part, this limitation may

not apply to You.

5. Miscellaneous
● The Licensor shall not be bound by any additional or different terms or conditions.

● The license is governed by German law.

This license, authored by Dr. Till Kreutzer of iRights.Law, is licensed under a Creative Commons Attribution 4.0 

International License. 
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Möglichkeiten der Datentransparenz

Dynamic sharing
• Proband:innenzentrierte Datenplattformen
• Datenzugangsregulation und Monetarisierung durch Proband:innen

Vorteile

• Digitales Empowerment
• Klare Verantwortlichkeiten
• Zukunftsorientiert

Nachteile

• Drop-out
• Nicht etabliert
• Ressourceintensiv
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Möglichkeiten der Datentransparenz

Dynamic sharing
Die elektronische Patientenakte (?)
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Methodentransparenz und Datentransparenz

Pillars of Open Science, UNESCO (2021)
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Motivation

Methodentransparenz

Datentransparenz

Selbstkontrollfragen
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Selbstkontrollfragen

1. Begründen Sie die Wichtigkeit, die Reproduzierbarkeit von Forschung durch Methoden- und

Datentransparenz zu fördern.

2. Erläutern und differenzieren Sie die Begriffe Replizierbarkeit und Reproduzierbarkeit.

3. Nennen und erläutern Sie den Nutzen von Methoden- und Datentransparenz.

4. Nennen Sie die Kernaspekte und Voraussetzungen für Methodentransparenz.

5. Nennen Sie die Kernaspekte und Voraussetzungen für Datentransparenz.

6. Nennen Sie drei Online-Repositorien, die in der Forschung verwendet werden.

7. Nennen Sie zwei Datenstandards, die für die psychologische Forschungs relevant sind.

8. Distkutieren Sie die Vor- und Nachteile verschiedener Formen von Data Sharing.
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